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Pose guided human image synthesis
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Proposed VDG model — stage |
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Proposed VDG model —stage I
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Proposed VDG model—Final prediction
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Training losses
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Experiments — Settings

« Datasets: Market-1501 and DeepFashion

 Evaluation measures:
— SSIM score
— Inception score
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Experiments — Quantitative
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Experiments — Qualitative Results
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Conclusion
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* Proposed a late fusion generator to explicitly separate
the processing of the input and the target in the encoder.

 Presented a new loss function.
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Thank you!
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